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Research progress of ultrasound image segmentation

ZHANG Fan, LU Zhengda, LI Chunying, JIAO Zhuqing, NI Xinye
School of Microelectronics and Control Engineering, Changzhou University, Jiangsu 213164, China

ABSTRACT Medical images mainly include CT, MRI, X-ray and ultrasound. Compared with other imaging methods,

ultrasound is cheaper and has better imaging effect on soft tissue with little damage to human body , so it is widely used in clinic.

Ultrasound image segmentation plays an important role in later image analysis, and it can provide reference for clinical diagnosis

and radiotherapy placement.This study reviews the traditional methods, deformation model methods and deep learning methods

for ultrasonic image segmentation.
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