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Value of radiomics models based on coronal plane of automated breast volume
scanner in predicting benign and malignant breast tumors
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ABSTRACT Objective To investigate the clinical value of radiomics models based on the coronal plane of automated
breast volume scanner (ABVS) in predicting benign and malignant breast tumors.Methods A total of 152 patients with
pathologically confirmed breast tumors in our hospital were collected.The radiomics features were extracted and screening from
region of interest (ROI) of ABVS coronal ultrasound images, and six prediction models including random forest, support vector
machine, multilayer perceptron, decision tree, Logistic regression and K-nearest Neighbor were constructed. Receiver operating
characteristic(ROC) curve was drawn to analyze and compare the diagnostic efficacy of radiomics models and different seniority
sonographers (doctor A with 2 years of working experience, and doctor B with 5 years of working experience) for benign and
malignant breast tumors.Results  Totally 28 features were retained for the model building. Random forest has the highest
diagnostic efficacy for benign and malignant breast tumors, with an AUC of 0.87, which was higher than that of sonographers A
and sonographers B (0.76, 0.83).Conclusion ~ Radiomics models based on coronal plane of ABVS shows a good value in
predicting benign and malignant breast tumors.
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