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Application progress of artificial intelligence in ultrasonic diagnosis of
thyroid nodule

LIU Xu, CHEN Qin,ZHOU Qing
North Sichuan Medical College , Sichuan 637100, China
ABSTRACT Ultrasound as the first choice in the diagnosis of thyroid lesions, it can find the lesions and preliminarily
judge the biological behavior of the lesions, which has advantages of convenience and safety, but it has certain operator
dependence.The development of artificial intelligence provides a second opinion for clinical work, which can assist doctors to
find lesions, improve diagnostic accuracy and reduce the diagnosis deviation caused by human factors.The diagnostic ability of
the computer—aided diagnosis system based on deep learning network is comparable to that of experienced ultrasound doctors to

a certain extent, but it lacks transparency and explainability, and it still needs to be improved in information security.This paper

reviews the application progress of artificial intelligence in ultrasonic diagnosis of thyroid nodule.
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